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Abstract
Public agencies and private enterprises increasingly desire to achieve ecosystem service outcomes in
agricultural systems, but are limited by perceived conflicts between economic and ecosystem service
goals and a lack of tools enabling effective operationalmanagement. Here we use Iowa—an
agriculturally homogeneous state representative of theMaize Belt—to demonstrate an economic
rationale for cropland diversification at the subfield scale.We used a novel computational framework
that integrates disparate but publicly available data tomap∼3.3million unique potentialmanagement
polygons (9.3Mha) and reveal subfield opportunities to increase overallfield profitability.We
analyzed subfield profitability formaize/soybean fields during 2010–2013—four of themost
profitable years in recent history—and projected results for 2015.While cropland operating at a loss of
US$ 250 ha−1 ormorewas negligible between 2010 and 2013 at 18 000–190 000 ha (<2%of row-crop
land), the extent of highly unprofitable land increased to 2.5Mha, or 27%of row-crop land, in the
2015 projection. Aggregation of these areas to the township level revealed ‘hotspots’ for potential
management change inWestern, Central, andNortheast Iowa. In these least profitable areas,
incorporating conservationmanagement that breaks even (e.g., planting low-input perennials), into
low-yielding portions offields could increase overall cropland profitability by 80%. This approach is
applicable to the broader region and differs substantially from the status quo of ‘top-down’ land
management for conservation by harnessing private interest to align profitability with the production
of ecosystem services.

1. Introduction

In 2008, Donner and Kucharik (2008) predicted the
Renewable Fuel Standard’s (RFS2)mandate for biofuel
production in the US would stimulate shifts of crop
and conservation land to maize for ethanol produc-
tion, resulting in a net expansion of maize acreage and
a net increase in N export from the Mississippi River
Basin. Scientists also predicted declines in soil carbon
(Gelfand et al 2011), biocontrol services (Landis
et al 2008), and pollinators and bird species of

conservation concern in the Upper Midwest (Meehan
et al 2010, Bennett et al 2014) with limited impact on
overall emissions of heat-trapping gases (Hill
et al 2006). Recently, Lark et al (2015) showed record
grain prices and changing agriculture policy in the last
decade have indeed led to net expansion of cropland,
largely at the expense of forage and conservation land.
Their analysis showed that between 2008 and 2012,
2.97 million ha were converted to cropland, most
commonly from grassland (2.3 million ha), shrub and
forest land (0.32million ha), andwetland (0.06million
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ha) to maize, wheat, or soybean; much of this gross
cropland expansion occurred in theUSMaize Belt.

Many have demonstrated that incorporating per-
ennial vegetation can disproportionately enhance eco-
system services from extensively managed croplands,
including erosion control, improvements in water
quality, and pest control (Helmers et al 2012, Gopa-
lakrishnan et al 2012, Liebman et al 2013, Meehan
et al 2013, Asbjornsen et al 2014, Daigh et al 2014), but
usually at an economic penalty under current market
and policy conditions (Manatt et al 2013, Guerry
et al 2015). Top-down land management schemes are
widespread (Osmond et al 2012) but have had limited
implementation success in theMaize Belt because they
do not align with many social and economic con-
straints, notably land tenure (Morton and
Brown 2011). New insight enabled by public data and
precision agriculture technology could possibly
remove these constraints, and actually allow economic
motivation to drive conservation goals.

High resolution yield monitoring associated with
precision agriculture shows that even high yielding
fields include areas of low productivity due to erosion,
water logging, or poor soil quality (Muth and Bry-
den 2012). Case studies also show that subfield areas of
lowest profitability coincide with those of highest
environmental risks (Lerch et al 2005, Muth 2014).
However, no larger scale studies have been published
on the combined goal of providing economic benefits
to farmers and improving ecosystem services. While
addressing subfield heterogeneity in yield through
precision agriculture is already widely adopted within
the agricultural community, the concept is being
expanded to consider improved ecosystem services
through ‘precision conservation’ (Berry et al 2005).

Using the lens of precision conservation, here we
develop a framework for farmers, other private enter-
prises, and public entities to identify within-field
variability of cropland profitability and understand its
implication for management decisions. A spatially
explicit, subfield level accounting model is applied to
(1) determine profit variability within individual
maize/soybean fields and (2) identify hot spots where
low profitability provides a compelling case for man-
agement change.We use the state of Iowa to depict this
framework, although the concept is more broadly
applicable to extensive agricultural regionsworldwide.

Iowa’s agricultural homogeneity makes it a good
proxy for theMidwestmaize/soy agroecosystem—the
largest US agricultural region. Nearly 8% of all US
prime cropland is in Iowa (USDA 2015a), which
includes 12.3 million ha devoted to crop production
and 9.5 million ha dedicated to maize and soybean
(NASS 2015, RFA 2015). The state has been plagued by
poor water quality for decades (Alexander et al 2008,
Iowa Department of Natural Resources 2012), and the
recent Iowa Nutrient Reduction Strategy (2013) spot-
lights the need to incorporate more perennial vegeta-
tion within the agricultural landscape, either as part of

crop rotations or as semi-permanent cover, to meet
state and national goals for water quality improvement
in the Mississippi River Basin. An opportunity to
improve farm profitability can encourage farmers to
grow less intensively managed perennial crops on tar-
geted areas currently managed in row crops to meet
the strategy’s target of 41% reduction in N and 29%
reduction in P to surface waters. The state also figures
prominently into the national pollinator health strat-
egy (Pollinator Health Task Force 2015), especially
through providing breeding and nectaring habitat for
the decliningmonarch butterfly.

We compare 2010–2013, four of the most profit-
able years in recent history, with a projection for 2015,
when commodity markets have moderated from
recent highs. We specifically investigate whether sub-
stantial economic rationale exists for diversification of
extensively managed cropland. If identified, financial
motivation to implement conservation management
practices in low-yielding portions of fields could drive
broader societal, economic, and environmental
benefits.

2.Methods

We analyzed subfield profitability of Iowa farmland
continuously in either maize or soybean production
between 2010 and 2013. We chose 2010–2013 because
they include some of the most profitable crop years on
record for the Maize Belt (Johanns and Plastina 2014),
and compared them to a scenario projected for 2015,
when grain markets have moderated. We drew on
publicly available data to obtain information on field
boundaries and land cover, soil properties, yields, cash
rents, crop production costs, and grain prices (table 1
and S1). As outlined below, wemodeled cash rents and
yields by differentiating survey data of county averages
into high resolution spatialmaps.

2.1. Spatial data
Field boundaries were obtained from the 2008 USDA
Farm Service Agency common land unit (CLU) layer
(USDA 2008). Crop-specific land cover was identified
with the USDANational Agricultural Statistics Service
cropland data layer (CDL), a spatially-explicit raster
data layer indicating the annual land cover at 30 m
resolution across the conterminous US based on
satellite imagery (USDA 2014). Fields were assigned a
single maize or soybean crop from 2010 to 2013 using
the CLU-CDL intersection from that year to identify
the crop occupying the greatest area within the field
(CLU). If a crop or land cover other than maize or
soybeans was determined to be dominant in any year,
the field was eliminated from the analysis. This
spatially-explicit approach allowed us to focus on
dedicated maize/soybean land, capturing actual dis-
tribution of maize–soybean rotation patterns in Iowa
(continuous maize, maize–soybean rotation, and
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soybean following two or three years of maize).
Although some land was excluded, 80% of cropland
(9.3 Mha) in Iowamet this constraint.

To capture the influence of subfield variations in
soil properties on yield and cash rent, we then inte-
grated the National Soil Survey Geographic
(SSURGO) Database (NRCS 2013) into the analysis.
SSURGO map units were intersected with CLU
boundaries, resulting in∼3.3 million unique soil-field
polygons for Iowa.

2.2. Calculation of profitability
For each soil-field polygon, we calculated profitability
according to:

P Y RGP CP , 1ijk ijk ij ijk jl( ) ( ) ( )= ´ - +

where Pijk is the profitability of crop i in year j for soil-
field polygon k, Yijk is the yield for crop i in year j on
soil-field polygon k, GPij is the grain price for crop i
in year j, CPijk is the crop production cost for crop i in
year j on soil-field polygon k, and Rjl is the cash rent
in year j on field l. Equation (1) represents net
operating profit for a land-renting farmer. For a land-
owning farmer, equation (1)measures operating profit
less what the farmer could have received had the land
been rented to another farmer.

2.3. Yield estimate
Maize and soybean yields were estimated for each
unique soil-field polygon. The Iowa Soil Properties
and Interpretations Database (ISPAID, Miller
et al 2010) includes estimates of typical maize yields on
each soil map unit (SMU). An SMU combines soil
type, slope class, and erosion phase. Parent material,
slope, erosion, natural drainage class, subsoil charac-
teristics, flooding potential, and weather conditions
are factored in to project potential maize yields as an
indicator of inherent crop production capacity. Soy-
bean yields are calculated from a linearmodification of
maize yields (Miller et al 2010). In general, these yield
estimates are higher than actual yields reported by the
USDA Agricultural Statistics Service (NASS 2015). To
achieve more realistic estimates, we normalized
ISPAID results with the annual reported county
average yields for maize and soybean according to

Bonner et al (2014). This approach provided a dataset
of high spatial resolution reflecting yield variations of
the analyzed years. For our 2015 projection, we
normalized the ISPAID results with county yield
trends produced by the United States Department of
Agriculture’s Risk Management Agency
(USDA2015b).

2.4. Grain prices
Grain prices for 2010–2013 were taken from monthly
commodity price listings for Iowa (Johanns 2015) and
averaged over each marketing year, starting on 1
September of each year and ending on 31August of the
following year. For the 2015 projection, the season
average maize and soybean prices, as projected in the
World Agricultural Supply and Demand Estimates
report ofMay 2015 (USDA2015c), were used.

2.5. Crop production costs and cash rents
Crop production costs were calculated using net
operation costs with local standard practices from the
Iowa State University Extension and Outreach Ag
Decision Maker Tool, which is generated from annual
Iowa FarmBusiness Association reports, data collected
by Iowa State University, and a survey of agricultural
cooperatives and other suppliers in Iowa (Plas-
tina 2015). Representative values for maize following
maize, maize following soybeans, and soybeans were
used according to the crop in the current and
preceding year for each CLU.We assumed the seeding
rate for maize at 74 130 seeds ha−1 (30 000 seeds ac−1)
and for soybeans at 346 000 seeds ha−1 (140 000 seeds
ac−1). P application was assumed to be 69.5 kg ha−1

(62 lbs ac−1), 76.2 kg ha−1 (68 lbs ac−1), and
44.8 kg ha−1 (40 lbs ac−1) for maize following maize,
maize following soybeans, and soybeans, respectively.
K application was set at 56 kg ha−1 (50 lbs ac−1),
60.5 kg ha−1 (54 lbs ac−1), and 84 kg ha−1

(75 lbs ac−1) for maize following maize, maize follow-
ing soybeans, and soybeans, respectively. N applica-
tion rates for maize production were calculated
according to the Regional Nitrogen Rate Guidelines
(Sawyer et al 2015) with the corn nitrogen rate
calculator to find the most profitable N rate based on

Table 1.A summary of data used in the analyses. ‘Crop type’ refers towhich crop (maize or soybean)was present in a field.

Input variables 2010–2013 2015

Crop type As inCDL 2010–2013 As inCDL 2013

Yields From ISPAID, adjusted to 2010–2013NASS county

averages

From ISPAID, adjusted to 2015 county yield trends

Grain prices Annual average price for 2010–2013marketing years

(September–August)
Season averagemaize and soybean price projected for

2015 in theWorldAgricultural Supply andDemand

Estimates report

Cash rental rates Derived fromCSR, adjusted to 2010–2013 rental

rates survey

Derived fromCSR, adjusted to 2015 rental rates survey

Crop production

costs

Crop budgets estimated by ISUExtension andOut-

reachAgDecisionMaker Tool (Plastina 2015) for
2010–2013

Crop budgets estimated by ISUExtension andOutreach

AgDecisionMaker Tool (Plastina 2015) for 2015
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fertilizer cost and maize price in each year. Rates
ranged between 204 kg ha−1 (182 lbs ac−1) and
230.9 kg ha−1 (206 lbs ac−1) for maize following
maize, and between 144.6 kg ha−1 (129 lbs ac−1) and
169.2 kg ha−1 (151 lbs ac−1) for maize following soy-
beans. Harvest machinery costs were scaled with
modeled yields. For cash rents, we calculated a
coefficient D for each county m (table S2) to describe
the increase in cash rent per unit increase in corn
suitability rating (CSR):

D R CSR , 2m m m ( )= /

where Rm is the average cash rental rate for countym
reported by farmers, landowners, agricultural lenders,
and professional farm managers in an annual survey
(Edwards et al 2015), and CSRm is the area weighted
mean of CSR for county m from the USDA National
Resources Conservation Service Soil Survey
(NRCS 2013). Using this coefficient (table S2), we
calculated a cash rental rate for each soil-field polygon
k as:

R D CSR 3k m k ( )= ´

where CSRk is the CSR value of soil-field polygon k.
Since cash rents are paid on a field basis, we calculated
area weighted averages for each CLU. A comparison
demonstrated that our calculated cash rent distribu-
tion agreed with that of the survey data (figure S1).
Crop insurance premiums are highly variable depend-
ing on the level of coverage purchased and were not
included in the crop budgets. For each year, crop
production costs were linked with spatial data based
on crop type and yield (table 1). Because maize and
soybean are commonly annually rotated and the 2015
CDL will not be released until 2016, we used the 2013
CDL for the 2015 projection.

To visualize spatial variation in maize and soybean
yields, yields for each soil-field polygonwere separated
by crop and area weighted averages were calculated for
each township (figures S2 and S3). Likewise, area
weighted township means of cash rent and crop pro-
duction cost were calculated and mapped (figures S4
and S5). To visualize the percentage of each township
area that was in row crop production from 2010 to
2013, CLU area was summed for each township and
divided by township total area (figure S6). The propor-
tion of maize to soybean cropland in each township
was calculated from the CLU areas and the crop cover
in each year (figure S7). Area weighted histograms of
cost and revenue (figure 1) and yield (figure S8) were
created after rounding the raw data (cost and revenue
to zero decimals, yields to two decimals) and aggregat-
ing to equal values to reduce the number of records.

2.6. Scenarios and sensitivity analysis
We visualized profitability results for the whole state
for the retrospective (2010–2013) and projected
(2015) analyses as raster maps of 100 m2 resolution
using ArcGIS 10 (ESRI 2015, Redlands, CA). We
focused on cropland that loses �US$ 250 ha−1, as

potential target areas for diversification. The �US$
250 ha−1 loss cut-off was deemed appropriate for a
conservative assumption that a farmer is likely to
pursue management alternatives on land that consis-
tently loses this much each year. To reveal hotspots of
low profitability, we displayed numbers of hectares
operating at �US$ −250 ha−1 per township in maps
by joining tables queried from the PostgreSQL data-
base with a geospatial layer of political township
boundaries of Iowa, using the QGIS Open Source
Geographic Information System. To assign each CLU
to a township, the CLU layer was intersected with the
political township boundaries. CLUs that overlapped
two or more townships were assigned to the township
that they overlapped with their largest portion. Poly-
gons with profit losses �US$ 250 ha−1 were selected
and their areas summed for each township. Because
some of the townships, many of them municipalities,
included very few hectares of CLUs in row crop, we
filtered out political units that contained less than
700 ha in row crop production. These were not
considered representative of farmland area in Iowa.
For the least profitable townships, defined by an area
of more than 3 500 ha that loses �US$ 250 ha−1, we
ran a scenario in which all areas losing�US$ 250 ha−1

are enrolled in a government program, such as the
USDA Agricultural Conservation Easement Program,
Conservation Reserve Program, or Pollinator Habitat
Planting program, allowing previously unprofitable
parcels to break even. To assess the impact of different
variables on profitability, we altered crop production
costs, yields, and commodity prices in the 2015
projection. For crop production costs, we changed the
2015 maize production cost by±US$ 120 ha−1 in
steps of US$ 30, and soybean production costs
by±US$ 80 ha−1 in steps of US$ 20. These ranges
were derived frommaximum changes in crop produc-
tion costs from 2010 to 2015 based on average yields
observed in these crops. The impact of yield on
profitability was assessed by changing the yields for
maize and soybean by±30% in steps of 10% based on
the trend projections for 2015. Commodity prices
were simultaneously increased from US$ 0.1 kg−1 to
US$ 0.3 kg−1 (US$ 2.49 bu−1 toUS$ 7.64 bu−1; maize)
and from US$ 0.27 kg−1 to US$ 0.57 kg−1 (US$
7.37 bu−1 to US$ 15.52 bu−1; soybeans) by steps of US
$ 0.04 kg−1 (maize) and US$ 0.06 kg−1 (soybeans),
respectively. For each step of the sensitivity analyses,
profitability for each soil-field polygon was calculated
as described above, and unprofitable farmland losing
�US$ 250 ha−1 was summed at the state level.

3. Results

The retrospective analysis of 2010–2013 reveals spatial
and temporal variability in profitability (figures 2 and
3). An interactive map providing the ability to zoom in
on individual fields is accessible at http://mesonet.
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agron.iastate.edu/GIS/apps/profit/. Mean profitabil-
ity was highest in 2011 at US$ 880 ha−1 and lowest in
2013 at US$ 103 ha−1. Overall, the extent of highly
unprofitable cropland, or cropland losing US$
250 ha−1, increased in each consecutive year from
2011 through 2013. While the extent of highly
unprofitable croplands was negligible in 2010 and
2011 at 45 338 and 17 874 ha, respectively, these areas
increased to 189 620 ha in 2012 and 1 023 035 ha in
2013. The spatial distribution of highly unprofitable
cropland also varied over time.While largely relegated
to large river floodplains and the margins of the state
in 2010–2012, by 2013 extensive areas of highly
unprofitable cropland were found in most counties
and were particularly concentrated in Central Iowa;

specifically, Carroll, Hamilton, and StoryCounty, with
56 868 ha, 60 614 ha, and 52 576 ha, respectively
(figure 2 and S9).

Temporal and spatial variation in profitability
between 2010 and 2013 was a function of grain price,
yield, cash rental rate, crop production cost, andmaize
to soybean ratio (table 2). Following historic highs in
2011 and 2012, maize price decreased in 2013. Soy-
bean price showed a similar pattern. While farmers
benefited from high yields in 2011, low yields asso-
ciated with a persistent drought (Khong et al 2015)
were evident in both crops in the following years
(figures S2, S3, and S8). Area weighted township aver-
age cash rents ranged from US$ 271 ha−1 to US$
955 ha−1 across Iowa in these four years and exhibited

Figure 1.Areaweighted distributions ofmodeled cash rents, crop production costs, and crop revenues in Iowa.Data are grouped into
bins of US$ 20 ha−1.
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substantial variability (figure S4); the lowest rents were
found in Southern Iowa and the highest rents were
found inWest Central, Central, and East Central Iowa.
Cash rents steadily increased from 2010 to 2013
(figure 1), increasing US$ 214 ha−1 on average over
this period. Overall crop production costs were con-
sistently highest in North and East central Iowa and
lowest in the South (figure S5).While production costs
for soybean have stayed relatively stable in the four
years, those for maize following maize increased con-
siderably from 2010 to 2013 (figure 1). Revenues (yield
x grain price) decreased from an average of US$
2731 ha−1 and US$ 1686 ha−1 in 2011 to US$
1861 ha−1 and US$ 1490 ha−1 in 2013 for maize and
soybeans, respectively (figure 1). The ratio of land
planted in maize to that planted in soybeans increased
slightly from 2010 to 2011 and then stayed at a rela-
tively stable level of 1.5 (table 2,figure S7).

The projection for 2015 resulted in a mean profit-
ability of US$−158 ha−1, withmost areas operating at
US$ 200 ha−1 or less (figures 2 and 3). The total area

operating at and below US$ −250 ha−1 is
2 513 915 ha, or 27% of all cropland in Iowa (figure 3).
By comparison, mean yields and yield variability in
2015 were comparable to the 2011 value and distribu-
tions (table 2, figures S2 and S3). Row crops were plan-
ted on between 4% and 100% of the farmland in any
given township in 2010–2015, varying greatly with
geographic location (figure S6).

A closer look at three exemplary townships across
a diagonal transect of the state reveals the granularity
of the subfield analysis (Providence Township in
Buena Vista County, Beaver Township in Boone
County, and Crawford Township in Washington
County, figure 4). Profitability can be differentiated by
crop type on the majority of cropland, with soybean
being more profitable than maize. Contrastingly,
many fields situated close to waterways (Beaver Creek
in Providence Township, North RaccoonRiver in Bea-
ver Township, and East Fork Crooked Creek in Craw-
ford) show high within-field variability and include
areas losing>US$ 500 ha−1.

Profitability [US$ ha-1]
< -250
(-250) - (-100)
(-100) - 0 
0 - 200
200 - 500
500 - 1000
> 1000
no data2015

2012 2013

20112010

(projected)

0 50 100 150 km

Figure 2.Distribution of subfield Iowa cropland profitability, 2010–2013, and projected profitability for 2015. Profitability was only
calculated for cropfields inmaize or soybeans in all four years (2010–2013). Other areas are shown as gray.
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By summing these highly unprofitable areas for all
townships, regions with a high density of unprofitable
farmland were identified as ‘hot spots’ for manage-
ment change (figure 5). A typically sized township cov-
ers 9323 ha (36 mi2); highly unprofitable areas ranged
between 78 and 7694 ha per township (1%–66% of
total township area), and a total of 104 townships con-
tained more than 3500 ha of highly unprofitable land,
adding up to 447 436 ha (55% of the cropland in the
hot spots and almost 5% of all cropland in Iowa).
While hot spots were scattered throughout the state
(figure 5), our analysis reveals aggregations along the
Missouri River Alluvial Plain and Loess Hills in the
West, on the edges of the Des Moines Lobe landform
in Central Iowa, and on the Iowan surface in the East
(figure S10). These comprise areas to target for man-
agement change based on purely economic rationale.

If land operating at  US$−250 ha−1 were taken out
of row crop production and placed into break-even
management, such as provided by existing govern-
ment programs, the profitability of these soil-field
polygons becomes US$ 0 and the average profitability
of the 104 hot spots townships is raised by 80%, from
US$−272.87 ha−1 toUS$−54.53 ha−1.

3.1. Sensitivity analysis
From the baseline of ∼2.5 Mha of highly unprofitable
farmland in 2015, an increase in crop production cost
of US$ 60 ha−1 (maize) and US$ 40 ha−1 (soybean)
increases the amount of highly unprofitable land by
44% to 3.6 Mha, whereas a decrease by the same
amounts decreases the area by 36% to 1.6 Mha
(figure 6(a)). Profitability is even more sensitive to

Figure 3.Distribution of Iowa cropland profitability, 2010–2013, and projected profitability for 2015. The vertical dashed and dotted
lines respectivelymark the profitability cut-offs ofUS$−250 ha−1 andUS$ 0 ha−1.
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Table 2. Summary statistics for calculation of Iowa cropland profitability, 2010–2013, and projected profitability for 2015.

2010 2011 2012 2013 2015 (projected)

Maize price (US$ kg−1) (US$bushel−1)a 0.21 (5.46) 0.25 (6.35) 0.27 (6.94) 0.18 (4.51) 0.14b (3.50)
Soybean price (US$ kg−1) (US$ bushel−1)a 0.44 (12.08) 0.48 (13.08) 0.53 (14.54) 0.49 (13.38) 0.33b (9.00)
Averagemaize yield (Mg ha−1)c±StDev 10.43±2.01 10.91±1.72 8.65±1.68 10.46±1.7 10.91±1.7
Average soybean yield (Mg ha−1)c±StDev 3.47±0.49 3.51±0.55 3.02±0.55 3.02±0.54 3.43±0.54
Average cash rental rates (US$ ha−1)±StDev 446.46±92.58 519.88±106.06 617.39±139.47 660.25±146.53 635.64±137.79
Average crop production cost (US$ ha−1)d±StDev 747.13±222.45 872.27±291.30 880.12±268.48 897.50±331.44 861.16±178.64
Ratio of land inmaize versus land in soybean 1.35 1.55 1.54 1.46 1.46e

a Average of themarketing year (01 September–31August) (Johanns 2015).
b Projected average prices for the season 2015/16 (USDA2015b).
c County average yields normalized to ISPAID estimates±standard deviation.
d Cash rent and crop insurance premiumnot included. Area-weighted average of crop production cost±standard deviation.
e Crop distribution is assumed to be similar to 2013.
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yield variability (figure 6(b)) and to changes in
commodity prices (figure 6(c)).

4.Discussion

The results presented here project drastic profit
reduction for Iowa farmers in 2015. Using crop

production cost estimates and trend yields published
by Iowa State University Extension, Hart (2015) has
also projected negative gross profit margins for maize
and soybeans in Iowa beginning July 2014 and
decreasing below −200 and −300 US$ ha−1 for
soybean and maize, respectively, by April 2015. Our
subfield analysis bolsters Hart’s results with a spatially
explicit expression of profit risk.

Figure 4. Subfield profitability projection in three exemplary townships in Iowa in 2015. Gray lines represent boundaries between soil-
field polygons. Onefield (common land unit (CLU)) for each township is enlarged for visibility.
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According to our analysis, some farmland oper-
ated at a loss even in economically favorable years. The
low yields in 2012 were compensated by high grain
prices, but in 2013, decreased grain prices, increased
land rent and unfavorable yields on the Des Moines
Lobe caused farmers to lose money on large areas.
Although cash rental rates followed the downward
trend of grain prices in 2015, they did not fall enough
to compensate for substantial losses caused by

decreased revenue. Analysis of low profitability ‘hot-
spots’ (figure 5) reveals areas that—according to our
generalized approach—are poorly adapted to the cur-
rent market conditions. Along the Missouri River
Alluvial Plain in Western Iowa, the edges of the Des
Moines Lobe in Central Iowa, and the Iowan Surface
in Eastern Iowa (figure S10), farmland in row crop
operates to a large extent below a favorable profit, sug-
gesting there is an economic rationale for

Figure 5.Projected distribution of Iowa cropland losing US$ 250 ha−1 for 2015 aggregated by township (an average township is
9 323 ha) in%of total township area.Hatch lines indicate ‘hotspot’ townships with 3500 ha of highly unprofitable land.

Figure 6.Changes in Iowa cropland area losing US$ 250 ha−1 with changing crop production cost (a), yields (b), and commodity
price (c). (a)The 2015maize production cost (marked by the dashed line)was changed US$ 120 ha−1 by steps ofUS$ 30, and the
soybean production costs was changed±US$ 80 by steps ofUS$ 20. (b)The 2015 yields (indicated by the dashed line)were
changed±30%by steps of 10%. Reducing yields by 10% (comparable to 2012 levels at 79% and 88%of 2015maize and soybean
yields, respectively)would increase highly unprofitable area by> 100%.A yield as in 2011 (100% and 102%of 2015maize and
soybean yields, respectively)would onlymarginally decrease highly unprofitable area. (c)Commodity prices were increased fromUS$
0.1 kg−1 toUS$ 0.3 kg−1 by steps of US$ 0.04 kg−1 (maize) and fromUS$ 0.27 kg−1 toUS$ 0.57 kg−1 by steps ofUS$ 0.06 kg−1

(soybeans). The dashed linemarks themaize and soybean price projected for 2015 (US$ 0.14 kg−1 andUS$ 0.33 kg−1, respectively).
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management changes in these areas. If shifted to man-
agement that at least breaks even, most likely to be
achieved by planting low-input perennial cover such
as brome, fescue, or prairie and potentially enrolling in
a government program (Tyndall et al 2013), farmers
could reduce costs on low profit areas and mitigate
overall profit loss. As an example, Tyndall et al (2013)
calculate a cost of 80–124 US$ ha−1 yr−1 for prairie
reconstruction when enrolled in the Conservation
Reserve Program, depending on cash rental rates.
Planting subfield areas into brome or fescue would
decrease establishment costs. Dedicated perennial
energy crops such as switchgrass or giant miscanthus
could extend the range of possible management
options. Such perennial crops have higher input costs
but also potential revenue from biomass (Manatt
et al 2013). Increases in ecosystem services would
depend on, and be concomitant with, the type ofman-
agement implemented (Hatfield et al 2009, Jones and
Schilling 2011, Smith et al 2013, Asbjornsen et al 2014;
table S3).

The rationale for cropland diversification may
become even stronger under a scenario of future cli-
mate change. Weather patterns have become more
variable in recent decades with longer,more severe wet
and dry periods and more extreme rain events (East-
erling et al 2000). Overall yields are expected to
decrease with the expected increase in temperature
(Walthall et al 2012, Urban et al 2015), resulting in an
expansion of highly unprofitable areas.While our sen-
sitivity analysis for yield does not incorporate the
increase in grain prices that will to some extent com-
pensate for systemic crop shortfalls, it also does not
account for the increasing value of soil if current rates
of erosion are not checked (Cruse et al 2013).

We applied simple accounting for input costs and
revenues and excluded government insurance and
subsidy programs from the main analysis. Although
the 2015 scenario includes a variety of input data, there
are limitations to predictability. For example, we used
the CDL from 2013 as a proxy for 2015 because infor-
mation on this year’s crop cover was not available.
Some fields may have been taken out of maize or soy-
bean production in the two-year intervening period by
farmers and other private enterprises due to decreas-
ing revenue expectation. While some such transitions
are likely to have occurred their number and influence
is judged minor as, according to national data, the
total area planted in maize and soybean has not chan-
ged between 2013 and 2015 (NASS 2015). We also
simplified our analysis by assigning cash rents to each
field, regardless of whether it is owned or rented by the
land manager. In case of ownership, the cash rent
represents the land loan payment, or if owned out-
right, the opportunity cost. Data on regional manage-
ment variation are not available but would give amore
realistic representation of crop production costs.
Yields and cash rents were derived from county avera-
ges, creating a ‘county effect’ that overestimates the

differences between neighboring counties. The size of
highly unprofitable land area is very sensitive to yield,
which is management and weather dependent and
therefore highly uncertain. In the future we expect to
further expand the model framework to integrate a
crop model and thereby more fully account for these
uncertainties. Furthermore, additional costs (e.g.,
reduced machinery efficiency) and long-term benefits
(e.g., soil-building) for field portions remaining in row
crop are not accounted for.

Finally, we did not include crop insurance, though
it is an important mechanism for maintaining farm-
level profitability, because we could not easily account
for the diversity of instruments and heterogeneity in
their adoption by farmers. Because more than two
thirds of crop insurance payments are tax-funded
(Babcock 2013), our analysis highlights the public’s
role in maintaining private profits in the US Maize
Belt. It also highlights the economic efficiency that
could be gained by insurers if more spatially precise
information on yields and subfield profit losses were to
be incorporated into insurance instruments. At pre-
sent, crop insurance is paid for in aggregate across
multiple fields comprising a farm. We assume current
legislation that incentivises high-input farming
through crop insurance and externalized environ-
mental costs to be the main barrier that prevents the
implementation more cost effective management
options.

5. Conclusions

Public pressure on agricultural industries and legisla-
tors is increasing in Iowa and elsewhere, calling for
improved ecosystem services from agricultural land-
scapes; achieving this goal will require cropland
diversification (Iowa Nutrient Reduction Strat-
egy 2013, Pollinator Health Task Force 2015). Our
novel high resolution computational framework offers
a powerful economic tool that lays the ground for
subfield management to enhance cropland diversity
and mitigate environmental risk. Farmers and other
land managers have an inherent incentive to shore up
profitability by managing lower performing areas of
their cropland less intensively, thereby achieving a
more sustainable farm operation in both economic
and environmental terms. The framework could
become a robust prediction tool for individual farmers
and other land managers by incorporating their input
data on yield expectations, cash rents, and production
costs. Incorporating budgets for different manage-
ment options would allow these decision makers to
develop alternative scenarios and more precisely opt-
imize their inputs and outputs. While our initial
analysis is focused on Iowa, this approach is applicable
to the broader region and differs substantially from the
status-quo of ‘top-down’ land management for
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conservation by harnessing private interest to align
profitability with the production of ecosystem
services.

Acknowledgments

The authors thankAlejandro Plastina and John Sawyer
for their helpful guidance on crop production speci-
fics, John Lawrence for his expert opinion on the
economic soundness of the work, and Kara Cafferty
for her valuable input on the analysis. The authors also
thank Joshua Koch and Doug McCorkle for their
support on modelling the yield data set, Daryl Hertz-
man for creating the interactive online map, and
Fernando Miguez for the generous provision of
personnel resources. Dr Bhavna Sharma’s specific
contribution was limited to the subfield visualization
maps (figure 2 and online). Therefore, she is not
responsible for the full manuscript. This project was
funded by the Iowa State University Department of
Agronomy Anonymous Endowment and the USDA
National Institute of Food and Agriculture, Hatch
project 221195.

References

Alexander RB, Smith RA, SchwarzGE, Boyer EW,Nolan JV and
Brakebill JW 2008Differences in phosphorus and nitrogen
delivery to the gulf ofMexico from theMississippi river basin
Environ. Sci. Technol. 42 822–30

AsbjornsenH,Hernandez-Santana V, LiebmanM, Bayala J, Chen J,
HelmersM,OngCK and Schulte L A 2014Targeting
perennial vegetation in agricultural landscapes for enhancing
ecosystem servicesRenew. Agr. Food Syst. 29 101–25

Babcock B 2013CuttingWaste in the Crop Insurance Program ed
NBruzelius (Washington, DC: EnvironmentalWorking
Group) (http://cdn.ewg.org/sites/default/files/u118/
2013%20Cutting%20Crop%20Insurance%20Waste_.pdf?
_ga=1.110206349.96985284.1437058644)

Bennett AB,MeehanTD,GrattonC and Isaacs R 2014Modeling
pollinator community response to contrasting bioenergy
scenarios PloSOne 9 e110676

Berry J K,Delgado J A, Pierce F J andKhosla R 2005Applying spatial
analysis for precision conservation across the landscape J. Soil
Water Conserv. 60 363–70

Bonner I J, Cafferty KG,MuthD J, TomerMD, JamesDE,
Porter S A andKarlenDL 2014Opportunities for energy crop
production based on subfield scale distribution of
profitabilityEnergies 7 6509–26

Cruse RM, Lee S, Fenton TE,Wang EH and Laflen J 2013 Soil
renewal and sustainability Principles of Sustainable Soil
Management in Agroecosystems edR Lal and BA Stewart (New
York: CRCPress) pp 477–500

DaighAL,HelmersM J, Kladivko E, ZhouX,GoekenR, Cavdini J,
BarkerD and Sawyer J 2014 Soil water during the drought of
2012 as affected by rye cover crops infields in Iowa and
Indiana J. SoilWater Conserv. 69 564–73

Donner SD andKucharikC J 2008Corn-based ethanol production
compromises goal of reducing nitrogen export by the
Mississippi RiverProc. Natl Acad Sci. USA 105 4513–8

EasterlingDR, Evans J L, Groisman PY, Karl T R, Kunkel K E and
Ambenje P 2000Observed variability and trends in extreme
climate events: a brief reviewBull. Am.Meteorol. Soc. 81
417–25

EdwardsW, JohannsAMandPlastina A 2015Cash rental rates for
iowa surveyAgDecisionMaker Iowa StateUniversity

Extension andOutreach) (https://extension.iastate.edu/
agdm/wholefarm/html/c2-10.html)

Gelfand I, Zenone T, Jasrotia P, Chen JQ,Hamilton SK and
RobertsonGP 2011Carbon debt of conservation reserve
program (CRP) grasslands converted to bioenergy
production Proc. Natl Acad. Sci. USA 108 13864–9

GopalakrishnanG,NegriMC and SalasW2012Modeling
biogeochemical impacts of bioenergy buffers with perennial
grasses for a row-crop field in IllinoisGCB. Bioenergy 4
739–50

Guerry AD et al 2015Natural capital and ecosystem services
informing decisions: Frompromise to practice Proc. Natl
Acad. Sci. USA 112 7348–55

Hart C 2015 Planting and prices aremoving in opposite directions
Iowa FarmOutlook (Ames, IA:Department of Economics,
Iowa StateUniversity) pp 3–6 (www2.econ.iastate.edu/ifo/
files/ifo2015/ifo050115.pdf)

Hatfield J L,McMullen LD and Jones C S 2009Nitrate–nitrogen
patterns in the RaccoonRiver Basin related to agricultural
practices J. SoilWater Conserv. 64 190–9

HelmersM J, ZhouXB,AsbjornsenH,KolkaR,TomerMDand
CruseRM2012Sediment removal by prairiefilter strips in
row-cropped ephemeralwatersheds J. Environ.Qual.411531–9

Hill J, Nelson E, TilmanD, Polasky S andTiffanyD2006
Environmental, economic, and energetic costs and benefits of
biodiesel and ethanol biofuels Proc. Natl Acad. Sci. USA 103
11206–10

IowaDepartment ofNatural Resources 2012The IowaWildlife
Action Plan (http://iowadnr.gov/Conservation/Wildlife-
Stewardship/Iowa-Wildlife-Action-Plan)

IowaNutrient Reduction Strategy 2013A Science andTechnology-
based Framework to Assess andReduceNutrients to Iowa
Waters and theGulf ofMexico IowaDept. of Agriculture and
Land Stewardship, IowaDept. ofNatural Resources and Iowa
StateUniversity College of Agriculture and Life Sciences
(www.nutrientstrategy.iastate.edu)

JohannsA 2015Ag decisionmaker—Iowa cash corn and soybean
pricesAgDecisionMaker (Ames, IA: Iowa StateUniversity
Extension andOutreach) (http://extension.iastate.edu/
agdm/crops/pdf/a2-11.pdf)

JohannsAMandPlastina A 2014 2013 Iowa farm costs and returns
AgDecisionMaker (Ames, IA: Iowa StateUniversity
Extension andOutreach) (http://extension.iastate.edu/
agdm/wholefarm/html/c1-10.html)

Jones C S and SchillingKE 2011 From agricultural intensification to
conservation: sediment transport in the RaccoonRiver, Iowa,
1916–2009 J. Environ. Qual. 40 1911–23

KhongA,Wang J K,Quiring SMand Ford TW2015 Soilmoisture
variability in Iowa Int. J. Climatol. 35 2837–48

LandisDA,GardinerMM, van derWerfWand Swinton SM2008
Increasing corn for biofuel production reduces biocontrol
services in agricultural landscapes Proc. Natl Acad. Sci. USA
105 20552–7

Lark T J, Salmon JMandGibbsHK2015Cropland expansion
outpaces agricultural and biofuel policies in theUnited States
Environ. Res. Lett. 10 044003

Lerch RN, KitchenNR,Kremer R J, DonaldWW,Alberts E E,
Sadler E J, SudduthKA,MyersDB andGhidey F 2005
Development of a conservation-oriented precision
agriculture system:water and soil quality assessment J. Soil
Water Conserv. 60 411–21 (http://jswconline.org/content/
60/6/411.abstract)

LiebmanM,HelmersM J, Schulte L A andChase CA 2013Using
biodiversity to link agricultural productivity with
environmental quality: results from three field experiments in
IowaRenewAgr. Food Syst. 28 115–28

Manatt RK,HallamA, Schulte LA,Heaton EA,Gunther T,
Hall R B andMooreK J 2013 Farm-scale costs and returns for
second generation bioenergy cropping systems in theUS
Corn BeltEnviron. Res. Lett. 8 035037

MeehanTD,GrattonC,Diehl E,HuntND,MooneyDF,
Ventura S J, BarhamBL and JacksonRD2013 Ecosystem-
service tradeoffs associatedwith switching from annual to

12

Environ. Res. Lett. 11 (2016) 014009

http://dx.doi.org/10.1021/es0716103
http://dx.doi.org/10.1021/es0716103
http://dx.doi.org/10.1021/es0716103
http://dx.doi.org/10.1017/S1742170512000385
http://dx.doi.org/10.1017/S1742170512000385
http://dx.doi.org/10.1017/S1742170512000385
http://cdn.ewg.org/sites/default/files/u118/2013%20Cutting%20Crop%20Insurance%20Waste_.pdf?_ga=1.110206349.96985284.1437058644
http://cdn.ewg.org/sites/default/files/u118/2013%20Cutting%20Crop%20Insurance%20Waste_.pdf?_ga=1.110206349.96985284.1437058644
http://cdn.ewg.org/sites/default/files/u118/2013%20Cutting%20Crop%20Insurance%20Waste_.pdf?_ga=1.110206349.96985284.1437058644
http://dx.doi.org/10.1371/journal.pone.0110676
http://dx.doi.org/10.3390/en7106509
http://dx.doi.org/10.3390/en7106509
http://dx.doi.org/10.3390/en7106509
http://dx.doi.org/10.2489/jswc.69.6.564
http://dx.doi.org/10.2489/jswc.69.6.564
http://dx.doi.org/10.2489/jswc.69.6.564
http://dx.doi.org/10.1073/pnas.0708300105
http://dx.doi.org/10.1073/pnas.0708300105
http://dx.doi.org/10.1073/pnas.0708300105
http://dx.doi.org/10.1175/1520-0477(2000)081<0417:OVATIE>2.3.CO;2
http://dx.doi.org/10.1175/1520-0477(2000)081<0417:OVATIE>2.3.CO;2
http://dx.doi.org/10.1175/1520-0477(2000)081<0417:OVATIE>2.3.CO;2
http://dx.doi.org/10.1175/1520-0477(2000)081<0417:OVATIE>2.3.CO;2
https://extension.iastate.edu/agdm/wholefarm/html/c2-10.html
https://extension.iastate.edu/agdm/wholefarm/html/c2-10.html
http://dx.doi.org/10.1073/pnas.1017277108
http://dx.doi.org/10.1073/pnas.1017277108
http://dx.doi.org/10.1073/pnas.1017277108
http://dx.doi.org/10.1111/j.1757-1707.2011.01145.x
http://dx.doi.org/10.1111/j.1757-1707.2011.01145.x
http://dx.doi.org/10.1111/j.1757-1707.2011.01145.x
http://dx.doi.org/10.1111/j.1757-1707.2011.01145.x
http://dx.doi.org/10.1073/pnas.1503751112
http://dx.doi.org/10.1073/pnas.1503751112
http://dx.doi.org/10.1073/pnas.1503751112
http://www2.econ.iastate.edu/ifo/files/ifo2015/ifo050115.pdf
http://www2.econ.iastate.edu/ifo/files/ifo2015/ifo050115.pdf
http://dx.doi.org/10.2489/jswc.64.3.190
http://dx.doi.org/10.2489/jswc.64.3.190
http://dx.doi.org/10.2489/jswc.64.3.190
http://dx.doi.org/10.2134/jeq2011.0473
http://dx.doi.org/10.2134/jeq2011.0473
http://dx.doi.org/10.2134/jeq2011.0473
http://dx.doi.org/10.1073/pnas.0604600103
http://dx.doi.org/10.1073/pnas.0604600103
http://dx.doi.org/10.1073/pnas.0604600103
http://dx.doi.org/10.1073/pnas.0604600103
http://iowadnr.gov/Conservation/Wildlife-Stewardship/Iowa-Wildlife-Action-Plan
http://iowadnr.gov/Conservation/Wildlife-Stewardship/Iowa-Wildlife-Action-Plan
http://www.nutrientstrategy.iastate.edu
http://extension.iastate.edu/agdm/crops/pdf/a2-11.pdf
http://extension.iastate.edu/agdm/crops/pdf/a2-11.pdf
http://extension.iastate.edu/agdm/wholefarm/html/c1-10.html
http://extension.iastate.edu/agdm/wholefarm/html/c1-10.html
http://dx.doi.org/10.2134/jeq2010.0507
http://dx.doi.org/10.2134/jeq2010.0507
http://dx.doi.org/10.2134/jeq2010.0507
http://dx.doi.org/10.1002/joc.4176
http://dx.doi.org/10.1002/joc.4176
http://dx.doi.org/10.1002/joc.4176
http://dx.doi.org/10.1073/pnas.0804951106
http://dx.doi.org/10.1073/pnas.0804951106
http://dx.doi.org/10.1073/pnas.0804951106
http://dx.doi.org/10.1088/1748-9326/10/4/044003
http://jswconline.org/content/60/6/411.abstract
http://jswconline.org/content/60/6/411.abstract
http://dx.doi.org/10.1017/S1742170512000300
http://dx.doi.org/10.1017/S1742170512000300
http://dx.doi.org/10.1017/S1742170512000300
http://dx.doi.org/10.1088/1748-9326/8/3/035037


perennial energy crops in Riparian Zones of theUSMidwest
PloSOne 8 e80093

MeehanTD,Hurlbert AHandGrattonC 2010Bird communities
in future bioenergy landscapes of theUpperMidwest Proc.
Natl Acad. Sci. USA 107 18533–8

MillerGA, FentonTE,Oneal B R, Tiffany B J andBurras C L 2010
Iowa Soil Properties and Interpretations Database Iowa State
University, IowaAgriculture andHome Economics
Experiment Station, University Extension (http://extension.
iastate.edu/soils/ispaid)

Morton LWandBrown S S 2011Pathways for Getting to Better
Water Quality: The Citizen Effect ed LWMorton and
S S Brown (NewYork: Springer) pp 1–273

MuthD2014 Profitability versus environmental performance: are
they competing? J. SoilWater Conserv. 69 203a–06aa

MuthD andBrydenKM2012A conceptual evaluation of
sustainable variable-rate agricultural residue removal
J. Environ. Qual. 41 1796–805

NASS 2015Quick Stats National Agricultural Statistics Service, US
Dept. of Agriculture (http://quickstats.nass.usda.gov)

NRCS 2013Web Soil Survey Natural Resources Conservation
Service, U.S. Department of Agriculture (http://
websoilsurvey.sc.egov.usda.gov/)

OsmondD,Meals D,HoagD, ArabiM, Luloff A, JenningsG,
McFarlandM, Spooner J, Sharpley A and LineD2012
Improving conservation practices programming to protect
water quality in agricultural watersheds: lessons learned from
the national institute of food and agriculture-conservation
effects assessment project J. SoilWater Conserv. 67 122a–27aa

Plastina A 2015 Estimated costs of crop production in IowaAg
Decision (Ames, IA: Iowa StateUniversity Extension and
Outreach) (http://extension.iastate.edu/agdm/crops/
html/a1-20.html)

PollinatorHealth Task Force 2015National strategy to promote the
health of honey bees and other pollinators (https://
whitehouse.gov/sites/default/files/microsites/ostp/
Pollinator%20Health%20Strategy%202015.pdf)

RFA2015Where is Ethanolmade? Renewable Fuels Association
(http://ethanolrfa.org/consumers/where-is-ethanol-
made/)

Sawyer J, Nafziger E, Randall G, Bundy L, RehmGand Joern B 2015
Concepts andRationale for RegionalNitrogen Rate Guidelines
for Corn Iowa StateUniversity (http://store.extension.
iastate.edu/Product/Concepts-and-Rationale-for-Regional-
Nitrogen-Rate-Guidelines-for-Corn)

SmithCM,DavidMB,Mitchell CA,MastersMD,
Anderson-Teixeira K J, Bernacchi C J andDeLucia EH 2013
Reduced nitrogen losses after conversion of row crop
agriculture to perennial biofuel crops J. Environ. Qual. 42
219–28

Tyndall JC, Schulte LA, LiebmanMandHelmersM2013Field-level
financial assessment of contourprairie strips for enhancement
of environmental qualityEnviron.Manage.52 736–47

UrbanDW, Sheffield J and Lobell DB 2015The impacts of future
climate and carbon dioxide changes on the average and
variability ofUSmaize yields under two emission scenarios
Environ. Res. Lett. 10 045003

USDA2008Common land unit (USDepartment of Agriculture)
(www.fsa.usda.gov/programs-and-services/aerial-
photography/imagery-products/common-land-unit-clu/
index)

USDA2014Cropland data layer (USDepartment of Agriculture)
(www.nass.usda.gov/Research_and_Science/Cropland/
SARS1a.php)

USDA2015a Summary Report: 2012National Resources Inventory
Natural Resources Conservation Service,Washington,D.C.,
andCenter for Survey Statistics andMethodology, Iowa State
University, Ames, Iowa (http://nrcs.usda.gov/Internet/
FSE_DOCUMENTS/nrcseprd396218.pdf)

USDA2015bActuarial Information Browser Landing Page Risk
Management Agency, USDepartment of Agriculture (http://
webapp.rma.usda.gov/apps/actuarialinformationbrowser/)

USDA2015cWorld Agricultural Supply andDemand Estimates
(Washington, DC:USDepartment of AgricultureWorld
AgriculturalOutlook Board) (http://usda.mannlib.cornell.
edu/MannUsda/viewDocumentInfo.do?
documentID=1194)

Walthall C L et al 2012Climate change and agriculture in the united
states: effects and adaptationUSDATechnical Bulletin 1935
(Washington, DC)

13

Environ. Res. Lett. 11 (2016) 014009

http://dx.doi.org/10.1371/journal.pone.0080093
http://dx.doi.org/10.1073/pnas.1008475107
http://dx.doi.org/10.1073/pnas.1008475107
http://dx.doi.org/10.1073/pnas.1008475107
http://extension.iastate.edu/soils/ispaid
http://extension.iastate.edu/soils/ispaid
http://dx.doi.org/10.2489/jswc.69.6.203A
http://dx.doi.org/10.2134/jeq2012.0067
http://dx.doi.org/10.2134/jeq2012.0067
http://dx.doi.org/10.2134/jeq2012.0067
http://quickstats.nass.usda.gov
http://websoilsurvey.sc.egov.usda.gov/
http://websoilsurvey.sc.egov.usda.gov/
http://dx.doi.org/10.2489/jswc.67.5.122A
http://extension.iastate.edu/agdm/crops/html/a1-20.html
http://extension.iastate.edu/agdm/crops/html/a1-20.html
https://whitehouse.gov/sites/default/files/microsites/ostp/Pollinator%20Health%20Strategy%202015.pdf
https://whitehouse.gov/sites/default/files/microsites/ostp/Pollinator%20Health%20Strategy%202015.pdf
https://whitehouse.gov/sites/default/files/microsites/ostp/Pollinator%20Health%20Strategy%202015.pdf
http://ethanolrfa.org/consumers/where-is-ethanol-made/
http://ethanolrfa.org/consumers/where-is-ethanol-made/
http://store.extension.iastate.edu/Product/Concepts-and-Rationale-for-Regional-Nitrogen-Rate-Guidelines-for-Corn
http://store.extension.iastate.edu/Product/Concepts-and-Rationale-for-Regional-Nitrogen-Rate-Guidelines-for-Corn
http://store.extension.iastate.edu/Product/Concepts-and-Rationale-for-Regional-Nitrogen-Rate-Guidelines-for-Corn
http://dx.doi.org/10.2134/jeq2012.0210
http://dx.doi.org/10.2134/jeq2012.0210
http://dx.doi.org/10.2134/jeq2012.0210
http://dx.doi.org/10.2134/jeq2012.0210
http://dx.doi.org/10.1007/s00267-013-0106-9
http://dx.doi.org/10.1007/s00267-013-0106-9
http://dx.doi.org/10.1007/s00267-013-0106-9
http://dx.doi.org/10.1088/1748-9326/10/4/045003
http://www.fsa.usda.gov/programs-and-services/aerial-photography/imagery-products/common-land-unit-clu/index
http://www.fsa.usda.gov/programs-and-services/aerial-photography/imagery-products/common-land-unit-clu/index
http://www.fsa.usda.gov/programs-and-services/aerial-photography/imagery-products/common-land-unit-clu/index
http://www.fsa.usda.gov/programs-and-services/aerial-photography/imagery-products/common-land-unit-clu/index
http://www.fsa.usda.gov/programs-and-services/aerial-photography/imagery-products/common-land-unit-clu/index
http://www.nass.usda.gov/Research_and_Science/Cropland/SARS1a.php
http://www.nass.usda.gov/Research_and_Science/Cropland/SARS1a.php
http://nrcs.usda.gov/Internet/FSE_DOCUMENTS/nrcseprd396218.pdf
http://nrcs.usda.gov/Internet/FSE_DOCUMENTS/nrcseprd396218.pdf
http://webapp.rma.usda.gov/apps/actuarialinformationbrowser/
http://webapp.rma.usda.gov/apps/actuarialinformationbrowser/
http://webapp.rma.usda.gov/apps/actuarialinformationbrowser/
http://webapp.rma.usda.gov/apps/actuarialinformationbrowser/
http://usda.mannlib.cornell.edu/MannUsda/viewDocumentInfo.do?documentID=1194
http://usda.mannlib.cornell.edu/MannUsda/viewDocumentInfo.do?documentID=1194
http://usda.mannlib.cornell.edu/MannUsda/viewDocumentInfo.do?documentID=1194

	1. Introduction
	2. Methods
	2.1. Spatial data
	2.2. Calculation of profitability
	2.3. Yield estimate
	2.4. Grain prices
	2.5. Crop production costs and cash rents
	2.6. Scenarios and sensitivity analysis

	3. Results
	3.1. Sensitivity analysis

	4. Discussion
	5. Conclusions
	Acknowledgments
	References



